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Overall background : from lab, field to image reflectance spectra

field spectral measurements

Image of bare soils
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1. Réflectance du sol en lien avec le carbone - jeux de données
2. Modeles spectraux de Corg issus d’'images satellitaires

3. Caractérisation spectrale d'amendements organiques



e Main properties influencing bare soil

reflectance

VAUDOUR E., GIRARD MC., 2010.
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Base de données sols projet POLYPHEME
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STEROPES WP1
Task 1: Collecting, selecting and structuring datasets

« Summary for regional databases

9 regional databases collected and structured
3 sampling surveys carried out (LAMMC, TAGEM, IUNG)
2 sampling surveys planned (LAMMC, INRAE)
5 databases processed or in progress

@ EJP SOIL

STEROPES
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Table 7

Expected error according to measurement method, scale and sensor (Vaudour et al., 2012, 2013; this study).
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image
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Fig. 10. Within-field variations in SOC predicted contents. In transparency, 1:25,000 topographical map Scan25®, Copyright French Geographical Institute (IGN).
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The Impact of Acquisition Date on the Prediction
Performance of Topsoil Organic Carbon from
Sentinel-2 for Croplands

Emmanuelle Vaudour '*(, Cécile Gomez 2

doi.org/10.3390/rs11182143
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Impact of acquisition date
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Vaudour et al., 2019b
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SOilscape units well Captured Urbina-Salazar et al, 2021

v' RMSEcv~6g.kgt, RPD~1.7-1.8
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Mapping in Croplands of Southwestern France. The Usefulness
of Sentinel-1/2 Derived Moisture Maps and Mismatches

Using Sentinel-2 Images for Soil Organic Carbon Content
between Sentinel Images and Sampling Dates

Diego Urbina-Salazar 205, Emmanuelle Vaudour 1*©, Nicolas Baghdadi 3®, Eric Ceschia ¢,

Anne C. Richer-de-Forges 2%, Sébastien Lehmann 2 and Dominique Arrouays 20

. remote sensing

Article

Figure 7. Zooming into the SOC map and the landforms of the study area.
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Challenges:

73 single dates
Approx 500 GB
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Systematize process for obtaining and processing images
Create composite soil image to maximize area and use
the sample data available.

To determine if the use of S2 to predict SOC is useful for
this area with different soil, landforms and climatic
conditions.
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Conclusion générale

résultats encourageants avec Sentinel-2

extrapolations a divers agroecosystemes and types de sols ;
synergie de plusieurs projets en cours echelons
national/europeen

utilisation accrue de données spatio-temporelles

besoin de développements méthodologiques : projet en
construction
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